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Context — Bayesian data assimilation
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Context - Experiment
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Context - Model
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Context

Best correlations from literature
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Information Theory

Local sensitivity to
After data parameter values

Before data (posterior)

(prior)

Parameter uncertainty

: . '@ao
S = —[ P(a)log,P(a)da /

Operating condition of
proposed experiment

AS = Sprior - Sposterior
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Simple Example .
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Simple Example
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Simple Example
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Full Results

0
1180 -
-5
1160
-10
1140
__ 15 -
:ﬁ = 1120
& -20 -
1100
B 1080
1060 |
1040

200

UNIVERSITY OF

CAMBRIDGE




Full Results o
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Full Results
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Full Results
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Full Results
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Conclusions

Bayesian data assimilation in
thermoacoustics

Information content of an
experimental data point

Planning experiments to
maximise information gain
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